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Fig. 1 SDR improvements for simulated training
data obtained by conventional TCNMF.
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Fig. 2 SDR improvements for simulated training
data obtained by proposed TCNMF.
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Table 1 Mean and SD values [dB] for simulated test data over 100 parameter initializations

Music no.

4 5 19 20 34 70 71 (a4 79 99
Method
Simple Mean 1.37 1.31 1.31 1.49 1.36 1.72 1.84 2.01 1.43 1.34
TCNMF SD 0.02 0.02 0.07 0.03 0.11 0.06 0.05 0.23 0.05 0.06
Conventional ~ Mean 3.49 4.53 6.88 4.35 4.23 3.33 5.74 6.63 5.72 4.99
TCNMF SD 0.09 0.20 0.39 0.14 0.17 0.29 0.28 0.44 0.27 0.24
Proposed Mean 3.80 5.60 8.17 4.64 5.12 4.72 5.88 9.30 6.51 6.02
TCNMF SD 2.05x107% 1.08x1077 1.14x1077 5.49x107% 5.22x1077 1.18x10~7 1.02x10~7 1.16x10"7 1.17x10~7 3.77x10~7
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Fig. 3 Violin plots of SDR improvements for sim-
ulated test data with music no. 70.

(0L s s e Py e sy e S e S 5
- —— Conventional TONMF (cost function, left axis)| |4 '
o B - - - -Proposed TCNMF (cost function, left axis) ol
B 1081/ —— Conventional TCNMF (SDR imp., right axis) 3 =
c B! - ---Proposed TCNMF (SDR imp., right axis) %
=) ] 42 £
- \
S 0ok 11 g
O <
ks s L
o £
310 11 ¢
o o
> 2m

10° 3

. . . . . . . . .
0 20 40 60 80 100 120 140 160 180
Number of iterations

)
1=
S

Fig. 4 Example behaviors of cost function values
and SDR improvements for simulated test data with
music no. 70.
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Table 2 Mean and SD values [dB] for real test data over 100 parameter initializations

Music no.

4 5 19 20 34 70 71 7 79 99
Method
Simple Mean 0.15 —0.58 —2.46 —0.29 -3.03 0.004 —0.30 —4.34 —2.16 —5.29
TCNMF SD 0.08 0.50 0.97 0.54 0.73 0.26 0.82 1.22 0.65 0.66
Conventional ~ Mean —0.15 —-0.95 —-1.93 —-0.18 -3.19 —0.32 -0.19 —5.02 —2.52 —4.15
TCNMF SD 0.23 0.51 1.16 0.61 0.78 0.49 0.81 1.36 0.84 0.56
Proposed Mean 1.23 2.33 1.61 2.25 0.52 2.34 2.98 1.97 1.69 0.72
TCNMF SD 5.33x10~7 1.83x107% 1.42x10~* 7.66x10~% 6.82x10% 3.57x10% 8.71x10~7 1.09x10~3 1.22x10-% 2.94x103
& 10 3
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Fig. 6 SDR improvements for real training data |

obtained by conventional TCNMF.
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Fig. 7 SDR improvements for real training data
obtained by proposed TCNMF.
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Fig. 8 Violin plots of SDR improvements for real
test data with music no. 70.
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Fig. 9 Example behaviors of cost function values
and SDR improvements for real test data with music
no. 70.
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