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Table 1 Song names of dry source in test dataset

Song ID Song name Signal length [s]
1 devl__bearlin-roads 14.0
2 dev2__another_dreamer-the_ones_we_love 25.0
3 dev2__fort_minor-remember_the_name 24.0
4 dev2__ultimate_nz_tour 18.0
Dr.
om VO.Q

E2A impulse 20°| , o~
response L =" Mic. spacing

Tso = 300ms o s 5.66 ms

Fig. 5 Impulse responses used in experiment.
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